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Reconstructing
ultra-high-resolution images is one of the most important goals of image processing that we will study in this
paper, as we will propose a new algorithm that combines traditional interpolation algorithms with deep
learning algorithm. Here, in this article, we will propose a new technique in order to achieve Super Resolution
Reconstruction. This algorithm is a development of the traditional algorithms that work in this field, and its
main dependence is a synthesis between the traditional algorithms based on interpolation and the deep learning
algorithm.Keywords: image processing, super-resolution reconstruction, interpolation, deep learning, loss
function
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