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ABSTRACT This research aims to solve the problem of selection using clustering algorithm, in this research
optimal portfolio is formation using the single index model, and the real data are consisting from the stocks
Iragi Stock Exchange in the period 1/1/2007 to 31/12/2019. because the data series have missing values ,we
used the two-stage missing value compensation method, the knowledge gap was inability the portfolio models
to reduce The estimation error , inaccuracy of the cut-off rate and the Treynor ratio combine stocks into the
portfolio that caused to decline in their performance, all these problems required employing clustering technic
to data mining and regrouping it within clusters with similar characteristics to outperform the portfolio
building models to diagnose those stock that Causing a decrease in portfolio performance ,our conclusion is
Clustering technic outperforms the diagnosis of those stocks that meet the condition of opting into the optimal

portfolio according to common considerations, but after excluding them, the performance of optimal portfolio
is rises .Key words: optimal portfolio, fuzzy cluster algorithm, single index model
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Source: Mandal ,Niranjan(2013), SHARPE’S SINGLE INDEX MODEL AND ITS APPLICATION TO CONSTRUCT OPTIMAL
PORTFOLIO: AN EMPIRICAL STUDY, Great Lakes Herald, Vol.7, No.1 .
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( marvin, 2015 : 7 ) k-means g <l
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Baiall 585 Sl e Eald o
(FCM) fuzzy c—means | Clustering stock data for multi-objective portfolio optimization Lony et all , 2014
Hierarchical Clustering | Portfolio construct musing hierarchical Clustering Fucik , 2017
k—-means Clustering algorithms for risk—adjusted portfolio constructed Leon et all, 2017
k-means Dynamic portfolio strategy using clustering approach Ren et all,2017
k-means Use of clustering approach for portfolio management Fallahpour et all , 2014
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